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o "Evaluating Perceptually Complementary Views for Network Exploration Tasks"
o We explore the relative merits of matrix, node-link and combined side-by-side views for
the visualisation of weighted networks
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o In investigating perceptually complementary views we seek answers to the following
questions:

= Q1: Which tasks are better supported for ...

= Q2: Do side-by-side perceptually complementary views improve or decrease
performance ...?

= Q3: How do users use complementary views ...?

o Tasks

= Detailed task: edge-weight comparison.

= Overview task: cluster-weight comparison.

= Two-hop: In a train network, find the cheapest route from RED node to BLUE node.

= Highest-degree: In a social network, find out which person has the most contact
with other people.

= Three-hop: In a train network, find the cheapest route from RED node to BLUE
node.
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o "Empirical Analysis of the Subjective Impressions and Objective Measures of Domain
Scientists ’ Visual Analytic Judgments"

o Scientists often use specific data analysis and presentation methods familiar within their
domain. But does high famil- iarity drive better analytical judgment?

o PROBLEM AND TASK CHARACTERIZATION

= Model fidelity analysis is typically supported by visual comparison of multiple
metrics across simulations derived from multiple models. We term these tasks
multi-way visual comparison tasks ... Visualizations of model fidelity metrics should
enable an expert user to efficiently and accurately perform tasks such as ...

o Analytical Tasks

= Task A: “Identify two models, which are most similar in their correlation and
normalized RMSE metrics across most of the output variables.”

= Task B: “Which two output variables show the highest variability in their correlation
and normalized RMSE across all models?”

= Task C: “Identify the two models that disagree the most in their correlation and
normalized RMSE metrics across most of the output variables.”
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o F¥% ("Affective Color in Visualization")
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o Hypotheses for Study 2
= H1. Affect will influence color choice ...
= H2. Affect will have a significant effect on lightness ...
= H3. Affect will have a significant effect on chroma ...

o Hypotheses Study 3
= H4. Higher weighted palettes would be more likely to be rated Best than low

weighted palettes;

= H5. Lower weighted palettes would be more likely to be rated as Worst.
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